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We augment the text with a domain specific transtormer
model via MaskLM to utilize data augmentation as a low-
cost teacher model in order to transter domain specific
knowledge to our main model. For the DEAL task, 1.e.,
astrophysical text, we experiment with SciBERT, and

We employ the usage of the augmented text by adding an
extra consistency loss term that computes the divergence
between the predictions of the original text and the
augmented text.
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* Task: Recognize and extract 31 types of pre-defined
categories of entities 1n astrophysics text.
* Current scientific document processing place a lot of
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Evaluation:

* Token-Level: Matthew’s Correlation Coetficient
* Entity-Level: seqeval Macro F1 score

We use the adapter version of DeBERTaV3 as our main
backbone model to decrease computational costs, while

obtaining similar results to finetuning the full model itself.
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