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Problem Statement

Classify each individual line into 
23 predefined classes that indicate 
the hierarchy of the document 
structure.

2



3

Can we obtain (near-)SOTA 
performance on logical structure 
recovery without relying on feature-
rich information, but on context only?



Dataset
Data Source
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● Original SectLabel Dataset (Luong et al., IJDLS 2010):
○ 20 ACL 2009 Papers
○ 20 CHI 2008 Papers

● Extended Testing Dataset:
○ 20 ACL 2020 Papers

● Unlabelled Dataset:
○ 570 ACL 2021 Long Papers
○ 1895 NeurIPS 2021 Papers

8:1:1 Document Split on SectLabel Dataset for Training, Validation and Testing



Dataset
Category Distribution
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Contextual Model Construction
Sliding Window Attention

6



Pooling Methods for Sentence Embeddings
[CLS] Token
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Pooling Methods for Sentence Embeddings
Mean Pooling

8



Pooling Methods for Sentence Embeddings
Attention Pooling
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Semi-Supervised Learning
Data Augmentation Techniques
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Semi-Supervised Learning
Unsupervised Data Augmentation

11



Semi-Supervised Learning
FixMatch
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Loss Engineering
Training Signal Annealing
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Loss Engineering
Supervised Data Augmentation

14



Results
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